
INTRODUCTION
• Approximately 51 million US adults face mental illness and yet only 4 in 10 get 

treatment.1

• Community healthcare agencies are training staff to use digital treatment tools, 
resulting in increased client access, reduced stigma, empowered clients, and “modern” 
care2 may be offset by ineffective training, staff and client buy-in, and client awareness
of services.3

• There is a need to better understand implementation barriers and facilitators, 
particularly when serving low-income clients, who may lack access to smartphones or
affordable data plans or may encounter other challenges.4
• One model commonly used to evaluate predictors of technology use is the Unified 

Theory of Acceptance and Use of Technology (UTAUT).5,6

• UTAUT suggests performance expectancy (e.g., usefulness), effort expectancy (e.g., 
ease of use), and social influence (e.g., peer and supervisor encouragement) are direct 
contributors to the behavioral intention to use the technology (BI). It also suggests 
facilitating conditions (e.g., agency supports) indirectly influence usage behavior.5 

• Venkatesh and colleagues measured attitudes toward using the specific technology, 
self-efficacy, and anxiety and found them not to predict BI.5 It is uncertain if these 
items would similarly fail to predict BI across time with a behavioral health 
smartphone application. 

PURPOSE
• Determine facilitators and barriers of clinical staff to use a newly implemented 

behavioral health smartphone application, myStrength, in a community agency setting.
• Evaluate UTAUT and related predictors of myStrength BI over a three-month 

implementation period.
• Explore additional barriers and facilitators to using myStrength shared by clinical staff. 

METHOD
Participants
• N = 64 clinical staff
• 92% White; 84% Female; Mean age: 39.3 (SD = 12.6)
Sampling Procedures
• Recruited from clinical staff completing myStrength training and surveys
• $5 incentive for each survey (4 total); $10 for focus group 
Measures
• UTAUT Scales5: Performance Expectation (α = .879); Effort Expectancy (α = .970); Social

Influence (α = .862); Facilitating Conditions (α = .577); Attitude toward Technology
(α = .687); Self-Efficacy (α = .933);Anxiety (α = .875); Behavioral Intention (α = .969)

Analysis Procedures
• Mixed Methods: Regression and Thematic Analysis of Focus Group
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RESULTS
Quantitative Results: Predictors of Behavior Intention
Pre-Test
• F(7,53) = 9.358, p<.001, R2=.553, R2Adjusted=.494)
• Significant Predictors of BI: Social Influence (p=.001), Anxiety (p=.023)

Post-Test
• F(7,52) = 13.062, p<.001, R2 =.637, R2Adjusted =.589)
• Significant Predictors of BI: Effort Expectancy (p=.002), Attitude Towards Technology

(p=.003)

3-Month Follow-Up
• F(7,47) = 5.006, p<.001, R2 =.427, R2Adjusted =.342)
• Significant Predictors of BI: Attitude Towards Technology (p=.003)

Focus Group Results: Barriers and Facilitators to Usage
Application Utility – How the application was used
• Subthemes: one-stop shop, mindfulness, tracking, homework

“[I]t's like one app that has just like a huge umbrella worth of stuff.”

Clinical Investment into the Application – Showing clients how to use the application
• Subthemes: initial investment, saving time

“[w]e can get further in our treatment because… we don't have to do a progressive
muscle relaxation … cause they watch the video and then we can talk about it in 
session, as opposed to like taking 10 minutes to do it and then coming to do it 
later.”

Implementation of the Application – How clinicians learned to use the application
• Subthemes: learning from colleagues, learning from instructors

“I found it really helpful to have this conversation because there were ways in
which I had not thought of, MyStrength, but that I'm hearing people use it.”

Accessibility of Technology - Applications ability to be used by all populations
• Subthemes: accessibility within the application, accessibility to the application

“…I kind of changed things around so that the kids can understand it better.”

“If they use up their data or they can't pay their bill, then that definitely creates a 
barrier. I did have that happen to one client and they were kind of disappointed, 
um, that they weren’t able to keep using because I don't think they had Wi-Fi at 
their home.”

Clinician’s Use of the Application – Personal use of application
“…being able to go on there and use the COVID resources specifically have helped 
me a ton just because it's new for me too.”

CONCLUSIONS
• Barriers and facilitators to use the myStrengths application shift over time as 

clinicians experience uncertainty and agency mandates, then focus on the ease of
using the application and overall attitude toward using it.
• UTAUT theory did not align as well in this case as formerly discarded measures 

(anxiety and attitudes towards technology) appeared to be more significant than 
some UTAUT factors (performance expectancy, facilitating conditions). 
• Focus group findings suggest myStrength’s performance expectation (utility) 

appears to be enhanced as the application serves as a ”one-stop shop,” providing
multiple services in one application.
• These gains in myStrength performance expectations may have been offset by its

lack of accessibility for children, those with intellectual disabilities, and low SES 
individuals.
• Clinicians’ report of peers and trainers sharing usage tips suggest social influence

may interact with performance expectancy and effort expectancy. 

LIMITATIONS
• Reliability for two scales, facilitating conditions and attitude toward technology, 

were low, limiting study conclusions.
• With a larger sample size, interaction effects could be tested to determine indirect 

effects.

REFERENCES
1. SAMHSA. Key substance use and mental health indicators in the United States: Results from the

2019 National Survey on Drug Use and Health. (HHS Publication No. PEP20-07-01-001, NSDUH
Series H-55). Rockville, MD: Center for Behavioral Health Statistics and Quality, SAMHSA. 2020. 
https://www.samhsa.gov/data/ 

2. Bucci S, Berry N, Morris R, et al. "They are not hard-to-reach clients. we have just got hard-to-reach 
services." Staff views of digital health tools in specialist mental health services. Frontiers in
psychiatry. 2019;10:344. DOI:10.3389/fpsyt.2019.00344 Xxx

3. Bonfils KA, Dreison KC, Luther L, et al. Implementing CommonGround in a community mental 
health center: Lessons in a computerized decision support system. Psychiatric rehabilitation
journal. 2018;41(3):216-223. DOI:10.1037/prj0000225

4. Acquavita SP, Krummel D, Talks A, et al. Assessing the digital divide among low-income, 
perinatal women: Opportunities for provision of health information and counseling. 
Telemedicine and e-Health. 2017;5(1) 48-51 https://doi.org/10.1089/tmj.2017.0292

5. Venkatesh V, Morris MG, Davis GB, et al. User acceptance of information technology: Toward a 
unified view. MIS quarterly. 2003;27(3) 425-478 https://www.jstor.org/stable/30036540

6. Hennemann S, Witthöft M, Bethge M, et al. Acceptance and barriers to access of occupational e-
mental health: cross-sectional findings from a health-risk population of employees. Intnl Arch of 
Occupational and Environ Health. 2018;91 305–316. https://doi.org/10.1007/s00420-017-1280-5

ACKNOLWLEDGEMENTS
• This study was funded by the University of Cincinnati Urban Health Pathway – Mental Health Grant 

in the amount of $19,740. 

Behavioral Health Smartphone Applications: A Bridge or Barrier to Care?
Presenters: Michael D. Brubaker, PhD, Andrew Wood, PhD, Shauna P. Acquavita, PhD, Kaitlyn Bruns, LPC

University of Cincinnati
Co-Authors: Anne Combs, Cindi Crew

Greater Cincinnati Behavioral Health Services

https://doi.org/10.1007/s00420-017-1280-5

